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Abstract

Consumers face asymmetric information when deciding on film selection as movie quality is difficult to judge prior to consumption. As such, they seek information or observe quality signals to aid in their film choice decisions. Conventional avenues are likely to include critics’ opinions or a movie’s advertising campaign or its coming attraction trailers. Given that the advent of technology has significantly reduced consumers’ search cost, one would expect moviegoers to solicit even more information before making their choices. However, the source of their information is less obvious especially given today’s society that feeds on on-line social networks. While some will continue to trust movie critics others have nonetheless, relied more on their peers or friends. Social networking platforms like Twitter and Facebook complicate the equation and are increasingly recognized by many as a significant factor in consumption decisions of such markets. Using very recent data sets on the North America movie industry, the paper compared the effects of on-line user reviews against critics’ opinions on the performance of the box office in terms of its opening weekend, post opening weekend and its overall total cumulative grossing. The paper found significant correlation (albeit weak) between the opinions of critics and users’ overall but the users’ reviews apparently wielded a stronger influence on the opening weekend, post opening weekend and total cumulative revenues. It appears that it is the users (fellow moviegoers) and not the experts, who have both the influence (motivating attendance) and prediction (predicting a movie’s potential) effects when it comes to a movie’s appeal and success. Based on the results, word of mouth power appears to be more significant compared to expert’s endorsements. 
1. Introduction

Motion picture box-office returns are notoriously difficult to predict and over the years academic and marketplace research have found various factors that may account for the revenue figures although they are inconsistent at best. Unsurprisingly, some of these factors include the number of screens released; star power; production and marketing budget (see De Vany and Walls, 1999), critics’ reviews (see Eliashberg and Shugan, 1997; King, 2007 and Gemser and Oostrum, 2006), time of release  and the users’ word-of-mouth as well.  The last factor has been deemed by many as increasingly influential, given the web community who mostly relied on the internet networking platforms for social and information exchange. Given the explosive popularity of social networks like Twitter and Facebook, the “word-of-mouth” process has seen dramatic increase in impact on movie sales popularity and many in the industry are beginning to take the factor seriously. In fact, such electronic word-of-mouth is more immediate, thus in some cases, it may even make or break a film within 24 hours. Richard Corliss, movie critic with Time Magazine calls Friday the new weekend given the power of the instant messaging or the “Twitter Effect” as it is popularly known as.       

As opposed to their peers’ comments and ratings, moviegoers do also consult the critics’ reviews before their purchase decision but the significance of this factor has been questioned by many researchers although it remains significant to some extent. King (2007) found positive correlation between critics’ review to a movie’s box office performance taking into account of only “bigger” movies, i.e. those that were released on more than 1000 screens. He also found that production budget, the number of opening screens and the critics’ report accounted for more than half of the variance in the case of his sample which was restricted only to movies released in 2003. 
Nonetheless, the conventional information-seeking and asymmetrical information framework appears to be unsuitable in the case of moviegoers’ consumption decisions as such decisions may have more to do with seeking pleasure rather than economic utility maximization purposes. In this sense, there appears to be a wide psychological factors that will ultimately determined the consumers’ consumption decisions (see Hirshman and Holbrook, 1982; Holbrook and Hirschman, 1982), an observation which they termed as an experiential view of consumption that can be summed up as “a primarily subjective state of consciousness with a variety of symbolic meanings, hedonic responses and the aesthetic criteria”.  Such behaviour suggests that rational consumption decisions may not exist in the case of the movie markets.                              
2.
The Impact of Users’ comments via Word-of-Mouth  

Many of the research done on this area appear to find critics playing an insignificant role in movie box-office returns and surprisingly, even displayed negative correlation in their relationship. Some have attributed this phenomenon on the growing influence of social networking tools like Twitter, Facebook and Flickr which has been an increasingly important source for exchanging information, comments amongst others. Given the prevailing importance of these technologies that are dominating how community interacts and socializes, the power of word-of-mouth of movies may have grown much stronger than it has ever been. However, the advent of technologies would also facilitate a lower search cost for critics’ reports on movies. Further, such technological evolution would also ensure a more mature and sophisticated movie audience as a result of more symmetrical information in such product market transactions. In addition, the source of information for movie consumption considerations may also include theater trailers and television advertisements thus it is not surprising to see movie studios investing huge sums to prop up the movie’s trailers, with some of these “teaser trailers” appearing even up to a year before the movie’s release. These marketing ploys in many instances, served as tools to create word-of-mouth awareness and curiosity that ultimately carries a movie’s success. Sometimes it may not be the marketing budget but the creative approach that lead to success; for instance the clever approach used by studios in creating the hype surrounding the low-budget semi-documentary horror flick, The Blair Witch Project that ultimately saw phenomenal box-office attendance for the movie back in 1999. If there’s anything that can be learned from this episode, it was that the power of the internet cannot be undermined.                               

Admittedly, social feeds like Twitter and the various message blogs and so on provide very up-to-date information of the movies premiering and as such, it is no wonder that these users’ comments have played a prevalent role in ensuring the success or failure of a movie. For instance, it is widely believed that the buzz that were created through these social networks led to the success of some movies like the Tarantino-helmed war movie, Inglorious Basterds, which managed to pull in a better-than-expected mid-August weekend haul of US$$38,054,676
. An even more recent example of this phenomenon is the currently
 running blockbuster New Moon (sequel to the 2008 hit, Twilight), which registered a third highest weekend gross of US$140.7million and even shattered the record for a single-day earning, achieving the feat through Friday screenings which cumulated to a US$72.7 million take. While the existing fan base is certainly a strong factor that has contributed to its achievement, nonetheless, it is also clear that the power of the Twitter effect may also have a strong hand in this event as the on-line social network communities have been building on its hype way before it was even released. Data provided by www.fizziolo.gy, a new website that tabulates the number of social conversations on many issues including movies, has seen New Moon being in the Top 10 since early October when the site began operating. By the second week of November 2009, it was not only at the summit of the chart but also achieving it with an Eff score of 352,871, Fizziology’s highest ever at the time. Unsurprisingly, the movie, which opened on 20th of November 2009, shattered several records including biggest opening day gross (US$72.7 million), biggest midnight screening gross (US$26.3 million) and also achieving the distinction of being the third biggest weekend gross (US$140.7 million). Similarly, the horror-flick, Paranormal Activity also displayed such pattern as networking websites contributed to its enormous positive buzz among moviegoers, especially the Twitter crowd.  It was still in the top three in the Fizziology chart for the week ending 17 November 2009 even though it was released on the 25 September. In fact, the Fizziology website was still reporting a wave of fans going to see the movie again (see www.fizziolo.gy) and it is likely that these so-called positive on-line buzz had contributed to the success of the movie that has seen a sensational return from a measly budget of US$15,000 and originality slated only for a 160 screen-showing (the movie would went on to gross $107,854,596 at the North American box-office). Conversely, the impact can also be adverse, as seen in the disastrous outing of the summer 2009 released Sasha Cohen gross-out comedy Bruno, which was panned by many of the users through the many social network websites after a decent opening weekend release (it took in some US$30 million in its first weekend of release, a rather decent haul by summer releases’ standards) that subsequently tanked out in the following weeks
. Admittedly, the critics’ reports on this movie were also less than flattering but it is the manner in which the reversal of fortune that is the focal point of discussion. Over the years, there have been many summer movies that scored lowly in the eyes of the experts and the audiences but still went on to reap respected earnings especially when given a significant boost in the opening weekend’s haul, a situation that clearly does not resonant with Bruno’s experience. 
Holbrook (1999), also found significant difference between popular tastes and experts’ ratings in his study using Home Box-office TV channel viewer surveys (representing user reviews) and critical guidebooks (representing expert judgments). If critics and users differ in their opinions (as they are likely to, since ordinary moviegoers tend to favour entertainment values while critics are instead, drawn to more compelling and intellectually stimulating works), then which of the two groups are likely to play a greater role in a moviegoer’s consumption decision? Or perhaps it does not really matter, as markets for movies are different from other goods’ markets whereby in the case of the latter, consumers seek information before purchasing as long as the marginal cost of information search is justifiably lower than the potential economic gains to the transaction. The same is unlikely to apply to the case of the movie industry.                

However, given that even industry players are now beginning to keep a keen eye on the phenomena of users’ comments via various social networking websites, the argument that moviegoers seeking peers’ approval before consumption cannot be dismissed. Interestingly, Katz and Lazarsfeld (1955), found that both the younger and older women tend to seek out movie “experts” among the younger, although the final decision may still be affected by primary influentials in the movie-going group who are in their respective age brackets. Such findings further lend support to the hypothesis that consumers tend to seek information among their peers or at least within the consumers’ own social and age bracket groups. In this respect, social on-line websites may serve as a compelling forum in which the young (and the not so young!) engage in movie conversations that ultimately resulting in greater or lesser approval for some movies. According to the president of marketing at DreamWorks Studios, Christine Birch, today marketers are paying more serious attention to what moviegoers’ comments in the Internet. Such development is not hard to believe especially given that the proportion of Twitter users’ population had greater movie consumption habits compared to the proportion of the general population
.
3.
Literature Review 

Echoing the famous quote by famous screenwriter William Goldberg, “With due respect, nobody knows anything”, De Vany and Walls’1999 paper also acknowledged the great extent of risk of the industry and found that there is no individual causal factor for a movie’s success. Their reasoning is due to the nature of the industry which revenue takes an asymptotically Pareto-distributed nature thus exhibiting infinite variance! In addition, they also pointed out that movies are essentially complex products and the cascading of information among filmgoers during their short course of run can evolve along too many paths that made it impossible to attribute the true determining factors of a movie’s box-office returns. They concluded that there are no success formulas in Hollywood although the paper explicitly also identify it is the audience that ultimately ensure whether a movie is a hit or a miss. They subsequently summed up that it is the quality of the movie that will determine a movie’s success.           
King (2007), found no correlation between critical ratings and box office grossing using  releases in the North America in the year 2003. However, bigger releases (which saw openings of exceeding 1000 screens) apparently exhibited positive relationships between critical reviews and movie revenues. In this group, production budget and opening screen numbers also positively affected the movies’ box-office returns. King’s findings supported Eliashberg and Shugan 1997’s paper which found greater correlation between critics’ opinions to later earnings rather than initial earnings. This is surprising since general industry wisdom would expect critics’ reports to have a greater influence on movie revenues in the early life-cycle of the movie (see Burzynski and Bayer, 1977) as information from word-of-mouth is less available at the start of the movie’s initial release period.   
Holbrook (1999), using popularity polls conducted by Home Box Office (HBO) in their Guide to Movies on Video Cassette and Cable TV in 1989, found the popular appeal and expert judgments sharing similar tastes although albeit a weak correlation (r = 0.25) hence disputing the Bourdieu-led argument (see Bordieu, 1984) which professed that  popular taste tended to gravitate towards movies that are accessible by virtue of their greater realism in representing familiar settings while expert judgments tend to favour movies that are more abstract, complex and basing on less conventional values. However, Holbrook did acknowledge the fact that the correlation analysis was conducted in the absence of many other factors that are pertinent to film theory analysis (i.e. movie’ story line, development of certain themes, feminist perspectives, racial conflicts, class conflicts, cinematography, key features of soundtrack, and so on). Such factors are crucial and yet at the same time it is almost impossible to measure them not to mention modeling them into any correlational analysis work featuring user and critics’ tastes. Nonetheless, many other studies on the movie industry that used multiple regression analysis would go on to proxy these using dummy-coded variables under the genre (i.e. type of movie, be it western, drama, thriller and so on) variable.              

Eliashberg and Shugan (1997), found that critical reviews significantly correlate with the late box-office revenue and cumulative earnings thus disputing the conventional wisdom of critics being a strong determinant only in the early stage of a movie’s run. Using weekly box-office data, their paper suggests that critics may be more of forecaster of a movie’s earning success rather than a motivating (or otherwise) factor to a movie’s audience attendance. Hence, the argument put forward by them was more of the role of critics rather than the influence of critics, i.e. more of a prediction effect rather than an influence effect.       
Gemser and Oostrum (2007), using data from the Dutch film industry found that consumers of art house movies are led by film reviews when making their particular choice of movies but consumers of mainstream-type movies in contrast, seek other sources of information, namely word-of-mouth, movie stars, and/or advertising. They found that film critics’ role assumed an “influencer” role in the case of art house movies but they tend to take a “predictor’s” role in the case of mainstream movies.   

Finally, the past literatures on critics’ role in box-office returns appeared anything but conclusive. Some like Eliashberg and Shugan (1997) do not support that critics’ report have any motivating effects on film attendance although Katz and Lazarfeld (1955) interpreted their results as critics being influential in shaping movie audiences’ interests in attending movies. King (2007) meanwhile found no correlation between critical ratings and box office grossing. Nonetheless, it is also important to note that some of the studies used cumulative box-office earnings instead of earnings at different points in the life-cycle of the movie thus may not directly addressed the fact that the movie’s subsequent performance after its release may be also a product of audiences’ word-of-mouth, a factor that in today’s context been given a significant acknowledgement given the changing lifestyles of consumers which lean heavily to on-line networking community for social feeds and exchanges. Surprisingly, there is less literatures on this effect as compared to critics’ impact on movie revenues. The difficulties of tracking the comments and on-line buzz on movies may have something to do with this. Furthermore, it is likely that not all movies attract the interests of the general masses thus even if on-line social network comments on movies were made available; they may not be an exhaustive list
.            
4.

Data and Methodology 

This paper aims to investigate the extent to which expert opinions matter in the choice of movies by consumers or consumers trusting their peers more than the experts’ critical assertions. In order to test this, the paper used ratings by on-line users and critics’ report. The average ratings for each movie given by these two groups are sourced from the Yahoo! Movies website
. This website was chosen because the on-line contributions were substantial for each movie, up to 30,000 to 40,000 users for some movies (more comprehensive that other websites). However, the critics’ reports were admittedly, lesser than other websites like www.metacritic.com or www.rottentomatoes.com, which also collects critics’ opinions but in bigger quantities and subject them to more meticulous and stringent calculations. In any event, the move for a same source for information both in terms of critics and users is to ensure a consistent source of information since the bow-office revenues data are collected from the website, www.boxofficemojo.com, which incidentally also provides the same box-office data to the yahoo movie website. To ascertain the reliability of the yahoo critics’ scores, a correlation test was conducted between the critics’ scores from the two sources (yahoo and metacritic). There was a strong and positive correlation (r = 0.92; significant at p=0.01) hence confirms the reliability of the yahoo critics’ scores as the tabulation of critics’ ratings in www.metacritic.com is much more meticulous and the number of critic’s reviews being sourced also higher than the yahoo site. Fig. 1 relates the yahoo critics’ scores and metacritic’s scores for the 243 movies in the sample. 

[Insert Fig. 1]      

In order to test these hypotheses, the paper employed a statistical regression and descriptive analysis involving variables with Likert scale scores that are recalculated to a 100-point system score. For instance, to measure a movie’s critical value, we used the average scores of movie critics on the movie as provided in the yahoo movies website. Most of the movies reviewed by this website used contributions from a group of movie critics and the critics’ report card comes in the form of grading ranging from A, B, C, D to F. Given that there are 13 categories, the scores are then recalculated to a 100 points system, with A+ being 100 while F taking on a figure of 7.6 (i.e. based on a scale of 7.7 for each category).  Such an approach is akin to the procedure done by the film website www.metacritic.com, which make such calculations based on the scale range of four to one star rating that is eventually calculated and processed accordingly, for example 100 being four stars, 88 being 3.5 stars and so on. However, their calculation also involved a more complicated assessment based on certain weights being assigned to each particular reviewer (in addition to other types of assessments for some reviewers, e.g. based on a ten point scale as opposed to the four-star scaling) in an unpublished subjective methodology
.   
Meanwhile, consumers’ ratings of the movies are used as their opinions on the movie and is assumed to be shared among their peers through electronic word-of-mouth. This presumably takes place via social networking forums like Twitter, Facebook, Yahoo or Friendster. The measurement of the scores from the consumers’ perspective is measured by the average scores obtained through the Yahoo! Movies site as the comments though Twitter or Facebook about movies are not available
. The huge amount of movie user responses in this website provides a good sample representing the online networking community’s opinion of the movies. In essence, Yahoo! has various social networking services in many of their products like as My Web, Yahoo! Personals, Flickr, Yahoo! Buzz. In addition, it also provides internet communication services such as Yahoo! Mail and Yahoo! Messenger. As such, the paper selected the reviews of movie users in this website as a proxy representative of the on-line moviegoer community.        
The sample of movies is taken from 2008 and 2009 releases and is essentially “popular” movies. The move to select a sample of more popular movies as opposed to otherwise is primarily driven by the fact that part of the paper’s main objective is to test the strength of users’ comments, i.e. the word-of-mouth (albeit electronically) versus critics’ views. Inclusion of movies of fewer screen releases or art-house movies (usually limited in their release) may be significant for critics’ reviews inputs but general audiences are likely to give them a miss. In any case, movies that are released on lesser screens also suffer from lesser word-of-mouth potential since there are less audiences being captured in these limited selected cineplexes. Furthermore, opinions between critics and the general audience are also likely to diverge in the case of art-house pieces or foreign movies or documentaries as the former is more likely to appreciate cultural diversity as opposed to the masses (see King, 2007 and Bourdieu, 1984). Finally, negative reviews in the case of art-house movies may not even be harmful for this type of movies, quite the contrary it seemed in fact, as reported by Gemser and Oostrum (2007) on art-house movie reviews’ impact. They found that it may be better to have negative reviews as opposed to no reviews at all as it is the size (of the review article) and number of reviews that are directly influencing consumer decision-making processes. In light of these, the paper focuses on movies of more popular appeals to all and as such chose the top 150 movies in the year of 2008 and 2009
.  This very recent pool of movies also gives a more accurate sample representation given the on-line social networking effect being a rather recent phenomenon.                 

Finally, the use of movies from 2008 and 2009 also avoids the problems of making price adjustments since the average ticket prices for both years are the same
 especially since  prices of movie admissions changes over time as a result of economic and technological reasons.  Meanwhile, the sample of movies selected in these two years are the more popular ones; i.e. the top 150 movies of each year although in the case of 2009, the top 150 as of 15 November 2009. In the case of the latter sample, those in the list but released after October 2009 were omitted due to the fact that their theater runs may still be in a significant stage at the time of this study. Nonetheless, since the box-office revenues for movies are most significant during the first few weeks of the movie’s release
, a timeframe of six weeks (in the case of the omission reasoning in the 2009 sample) would probably see any recent movie that has been selected in the sample having had taken most of its box-office returns. In any event, most movie contract runs call for a minimum from 4 to 8 weeks. In fact, the paper by De Vany and Walls (1999), found about 35, 19 and 12% of all box-office revenues are earned in the first, second and third weeks of a film’s release respectively.              
5.
Results

5.1
Correlation Patterns

The findings in the descriptive statistical analysis revealed several interesting results. Firstly, there appeared to be positive relationship between the users’ scores and critics’ scores, although albeit a weak one (r = 0.413) but statistically significant. This suggests that the general moviegoer’s tastes may not be too distinct from the critics’ opinions, a finding that may be in contrast to the Bourdieu (1984) proposition that argued  otherwise, i.e. the ordinary consumers preferring entertainment that are more readily accessible but critics tend to gravitate towards works of higher complexity. Nonetheless, as the paper’s sample of 243 movies are the top movies from 2008 – 2009, the convergence between users and critics tastes may be greater in the case of popular movies. In any event, a similar finding was also reported by Holbrook (1999), who also found a weak but significant tendency for popular appeal and expert judgments to reflect shared tastes between consumers and critics. Fig. 2 shows the correlation between Yahoo users and Yahoo critics’ movie ratings scores of movies. 

[Insert Fig. 2]
The correlation with box-office grossing seemed to be stronger in the case of user scores compared to critics’ scores in all the different cases of box-office achievements. Previous assumptions on the motion picture industry have always insisted that critics’ scores have greater correlation with weekend box-office intakes because the critics’ reports are available before the movie’s premiere. Given that a movie’s prior quality is not easy to judge due to asymmetric information (except for the promotional or teaser trailers), one would expect moviegoers to check out the critics’ reports before purchasing the product (in the case, attending the films). As such, conventional wisdom and past literatures would argue that the weekend grossing correlation with critics’ scores would be positive and stronger than users’ reviews as during the early run of the movie as other information is less available, like word-of-mouth for instance (Burzynski and Bayer, 1977).  However, this paper’s results found the correlation between the critics’ reviews and various box-office earning indicators to be weak, although positively related. In fact, the correlation is weakest in the case of opening weekend grossing dismissing the conventional wisdom of having the biggest impact in the early life-cycle of the movie.  In contrast, user reviews are found to have a stronger correlation in all the box-office earning indicators, i.e. the opening weekend grossing, the total cumulative grossing, the total cumulative grossing minus the opening weekend’s revenue and average grossing
 (see Table 1).                      
[Insert Table 1]
The rationale of the findings suggests that moviegoers may rely more on their fellow moviegoers for opinions or information pertaining a movie.  In the case of the opening weekend grossing, the users’ word-of-mouth may be much faster given today’s telecommunications technology (e.g. on-line social networking websites, texting and so on) hence making users’ comments more stronger in impacting a movie’s opening compared to critics’ reports. Although, there are many other factors also involved in the moviegoers’ decision-making process, the fact is, in today’s world, word-of-mouth process is much faster and much more current than ever. Such sentiments are echoed by Time magazine movie critic, Richard Corliss’ view, claiming that Friday may now be the new “weekend” given the Twitter effect that can literally make or break a movie within 24 hours. In fact, since the users’ reviews also had stronger correlation with the after weekend movie receipts, it appears that moviegoers’ peers’ reviews may be a stronger “Influencer” compared to critics. In addition, as the users’ review scores are also stronger in correlation with the total overall grossing and average grossing, it appeared that it is also a better “predictor” than the critics’ opinions. Perhaps the studios should worry less about uncooperative critics or fear negative reviews as they appeared to be very little “predictory” and “influencing” effect on moviegoers. The experience of recent movies like Transformers: Revenge of the Fallen, the Twilight sagas, X-Men Origins: Wolverine and so on has indicated that critics’ reviews had little or no effect on these movies’ box-office performance. In fact, Paramount didn't even screen G.I. Joe for critics, opting instead to "let the audience define the film" (Pomerantz, 2009). In any event, the phenomena of critics losing their influence at the box-office is not something recent and industry reports pre-Twitter era have previously indicated the changing trend, for example a report by Copernicus, a global marketing strategy and research firm in 2000 put a resounding no to the answer to whether critic matter in box-office returns (http://www.copernicusmarketing.com/about/press11.shtml).      
Table 2 presents the correlation values between the users’ and critics’ reviews for total, weekend and after weekend total grossing in accordance to three groups; (a) “big”size movies, i.e. those that are ran in more than 3000 screens, (b) “medium-size”group, i.e. those that ran in between 1000 – 3000 screens and finally, (c) “small-size” group, i.e. those that had lower than 1000 screens. Unsurprisingly, the correlation is strongest in the case of those movies in group (a). In the case of a movie that is given a very wide release, the publicity surrounding the movie would be more extensive both in terms of creating curiosity and hype. These would probably be responsible in pushing up the interest of moviegoers in searching for more information (e.g. critics’ reports, users’ reviews, asking friends who have seen it and so on) about the movie and eventually leading to movie attendance (otherwise). From the correlation scores in Table 2, they are also consistent with the correlation analysis when taking the sample overall (see Table 1); i.e. user reviews have  higher correlation to the various box-office indicators especially in groups of movies that are released and ran in more than 1000 screens. From the results, it appears that users’ reviews are a stronger predictor and also a stronger influencer (indicating that it is the word-of-mouth and not experts’ opinions that matter) in movies that ran in more than 1000 screens. Nonetheless, for smaller releases, the correlations are not significant and are also mostly negative relationships. This may be due to the much smaller sample size but it is also possible that smaller releases would have a much lower word-of-mouth capacity since much lesser people would have seen it immediately after its premiere.  The other interesting result is that the negative correlations affect both the user and critics’ reviews suggesting that their tastes are not that distinctly different in the case of smaller movies, i.e. those less mainstream Hollywood blockbuster fares. Although the scores are insignificant, nonetheless, the pattern offer some support (albeit a weak one) for Holbrook’s (1999) finding and disputes the Bourdieu-led reasoning of cultural hierarchy among movie audiences, i.e. the experts are likely to favour more intellectually stimulating fare while the rest of the mass flock to movies of higher commercial content.       
5.2
Regression 

As there are various factors that affect a movie’s attendance besides word-of-mouth and experts’ opinions in moviegoers’ movie selections, a multiple regression is performed.  Some of these other factors are likely to be the timing of release (e.g. summer movies and those released during the Christmas holidays are likely to bring in more crowd as a result of the holiday seasons), the “celebrity” or “star” factor (i.e. major box-office draws like Will Smith or Brad Pitt and so on will fill seats easier), the total number of screens released (as a movie’s revenues are highest in its first week, the number of screens released is paramount in many cases to ensure box-office success although word-of-mouth may also lead to increase number of screens subsequently and hence revenues) and finally production budget (a bigger budget will increase the probability that a “star” is involved or bigger special effects and presumably will also increase the likelihood that studios will put more money into the marketing of the movie as well). Although marketing cost will also be a strong factor, it is not included as the data is difficult to collect and unreliable at best. The same goes to production budget but the website www.boxofficemojo.com provided production budget for 165 movies in our sample of 211 (downsize from the earlier size of 243 movies a result of non-availability of user/critics’ ratings). The rest of the 46 movies’ production budgets were sourced from various on-line movie data websites
. 
Overall, the independent variables in the model are the users’ ratings, the critics’ ratings, the movie’s production budget, two dummy variables to account for the three possible timing of a movie’s release (i.e. summer season, Christmas holidays and others
), the movie’s production budget, the total number of screens and a variable to account for the  inclusion (or non) of a crowd-pulling star power individual (i.e. some popular actors/actress who can “guarantee” a movie’s opening or overall performance). In the case of the “star” variable, some authors used various  lists of powerful and popular movie star endorsed by certain publication for their coded calculation; for instance De Vany and Walls (1999) opted for the use from the list of top 100 most powerful people in Hollywood by Premiere magazine or James Ulmer’s list of A and A+ people while Holbrook (1999) coded dummy variables to represent “stars” using the number of movies directed (in the case of directors) or number of movies appeared (for actors/actresses) as a criteria. This paper, meanwhile, opted to use star power measurement as dictated through the on-line hits/visits of popular celebrity pages provided in the www.boxofficemojo.com website. In essence, the website provides annual top 100 most popular celebrities in terms of pages linked to them being viewed. The table ranks each of the celebrities in terms of percentage of total movie pages viewed and provides the respective saturation scores for each celebrity in terms of percentage over the 100 percent total. The most popular celebrity will have the highest percentage score and their share of the 100% are given in the saturation scores, e.g. Russell Crowe tops in 2008 with a share of 5.86% while Angelina Jolie scaled the top position a year later with a share of 6.06%. Each movie which has a leading actor or actress (or producer or director) in the top 100 is assigned the percentage score based on their respective saturation scores. If a movie has more than one person making the top 100 list, the highest score among the pool is selected. Only the score of one star (the highest one) is selected for each movie.                                        
In terms of the multiple regression exercises, three regressions were performed using total grossing, weekend grossing and total grossing after the opening weekend as dependent variables respectively. The independent variables in all three of the cases are the two dummy variables to account for time of release, total number of screens, star power, production budget, user reviews and critics’ reviews. The results are as follows in Table 3, 4 and 5. 

[Insert Table 3, 4 and 5]

Findings in the regressions revealed that both the users and critics’ opinions are positively related to a film’s box-office earnings. Besides confirming the similarity in tastes between experts and audiences, the bigger coefficients in the case of the users’ reviews in all three regressions indicate several possible trends. Firstly, users’ opinions seemed to be stronger in the case of the weekend grossing suggesting that the conventional wisdom of critics wielding a stronger influence in the early life cycle of a film’s box-office may be questioned. Secondly, it appears that users’ opinions exert greater influence in the later stages of the movie’s performance thus the proponents of word-of-mouth power appeared to be justified as well. Finally, the stronger coefficiency of the users’ reviews as opposed to the critics’ indicate the users’ reviews being a stronger predictor of a movie’s success overall. The first argument may be rationalized along the lines that today’s word-of-mouth process gains momentum more easily than it was previously as a result of technological changes which facilitate instant exchange of information via various on-line social networking websites or specific websites which  provide users’ feedback. As such, the impact of word-of-mouth can be felt immediately after the movie’s premiere date. The Twitter effect as claimed by many industry people, is likely to be one of the reason responsible for many film’s reversal of fortune within days, both negatively and positively. In the case of the second point, it appears audiences today may rely more on the opinions of other moviegoers or their peers rather than the opinion of experts. If this is true, studios should be less concerned about showing their upcoming releases to critics (or spending time trying to influence them) if their influence capabilities are limited. Finally, the third finding suggest that audiences are the best predictor of a movie’s success lending support to the argument by De Vany and Walls (1999) who professed that it is the audience that makes a movie a hit.                                     
Other than the user and experts’ opinions, the multiple regressions also confirmed the other determinants of movie revenues, namely the time of release, production budgets, and the total number of screens released. All the three regressions provided the expected positive coefficient with the exception of the Christmas holiday time of release dummy variable which was negative in the case of total cumulative grossing and weekend grossing. Ideally, both summer and Christmas releases should performed well in the box-office due to the extended holiday period. However, as expected, the summer season dummy variable had the expected positive coefficient and was significant in determining the total box office and the total box office after the opening weekend as studios usually reserved their biggest blockbusters for the summer release. Not surprisingly, production budget and the number of screens had positive coefficients and were significant (at 1% level) in the case of determining all three movie revenue indicators. However, star appeal apparently was not significant in all three cases. One possible explanation for this is that many studios today are opting to use less bigger names even in their blockbuster fares and preferred to use much of the production budget in the fancy and expensive CGI (Computer-generated imagery) effects (e.g. the recent Roland Emerich blockbuster disaster flick 2012 featured no A-list stars other than the moderately famous John Cusack in the lead role and is certainly also not the first movie to do so). The other possibility is that star power factor may be strongly linked to the production budget factor as big spending movies have a higher propensity to feature big names, hence the huge cost being an indicator of bigger paychecks of the stars. 

Unreported regressions using logarithmic values of the variables of user and critics’ ratings, production budget and total number of screens also produced quite similar results; with users’ ratings coefficients bigger than critics’ ratings coefficients in the cases of total grossing and total grossing after the opening weekend. Both support the argument of users having not only a stronger prediction effect, but also dominant in the influencer effect. As expected, both production budget and total screens were significant and positively related. However, the star appeal factor was again, not significant.                           

6.
Conclusion   

While critics have always played pivotal roles in the arts and the media sector (i.e. movies, music, theater plays and so on), their influence on these sectors have been increasingly reduced as a result of many factors. Consumers, in their quest for acquiring information pertaining to the quality of such goods, have various sources that could provide the necessary signals of quality for these items. In the case of the movie industry, one of the signals of quality of films is the opinions of experts which are usually provided in the media before a movie is released. In fact, studios screen their latest movies to critics before the films’ premiere in theaters. 
The stronger correlation between users’ opinions to movie performance as compared to critics’ opinions revealed in this paper is not entirely surprising given the changes in the market and social environment and also findings from past studies. King’s 2007 paper had found a lack of correlation between critical ratings and box-office earnings while De Vany and Wallls’ 1999 study also did not provide support for the role of critics in dictating a movie’s chances of being a “hit”. Word-of-mouth among consumers have in recent times become a significant factor, especially given the fact that technological advancement has made the process much faster and also provided a much stronger social network links through on-line feeds like Twitter, Facebook and Flickr. These social network websites are possibly the reason that have contributed to undermining the influence of experts’ reports as they provides the platform for both strong (and fast) word-of-mouth and also in many times, the enormous on-line buzz (both positive and negative) that can literally make a break a movie’s chances at the box-office. This paper found that users’ opinions matter more than critics’ judgments in both influencing movie attendance and predicting a movie’s success chances. This is especially true for big releases, i.e. movies that are released in more than 1000 screens, presumably because the word-of-mouth is much greater as a result of more people having seen it immediately after its premiere. In addition, the on-line buzz generated through the on-line social community are likely to get a bigger boost in bigger movies since the interest and curiosity levels are much higher in these movies as they are likely to be the recipients of much bigger marketing campaigns. As the paper’s sample included only the top movies from 2008 and 2009, it is not ascertain if the effects of critics get drown out by users’ comments in the case of limited releases type of movies, i.e. documentaries, foreign films and so on. From the limited number in this paper’s sample, the impact of both critics and users opinions have no significant impact. 

To sum up, movie studios may need to pay heed to the strengths of users’ opinions rather than spending too much time worrying about critics’ assessments. In this sense, perhaps the reactions and comments from those pre-release screenings to selected audiences are likely to be more crucial in providing the necessary inputs for further edits and cuts. Meanwhile it may also pay to downplay the significance of critics’ reactions from their screenings (presumably before the movie’s release) and as such studios executives should devote lesser resources to making contacts with critics or attempting to influence their views.                                       
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Appendix
Fig. 1 Yahoo critics’ movie ratings score and Metacritics’ movie ratings score
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Fig.2 Yahoo Users’ and Yahoo critics’ movie rating scores
Table 1: Correlation between user’s reviews and critics’ reviews with several box-office grossing achievements
	Correlation between the variables



	
	Total Cumulative grossing
	Weekend grossing
	Total grossing minus opening weekend
	Average grossing†

	Users’ reviews
	0.328**
	0.196**
	0.368**
	0.430**

	Critics’ reviews
	0.171**
	0.050
	0.214**
	0.321**


†average grossing is calculated by dividing the total cumulative grossing with the film’s highest screen count levels.  

**significance at p = 0.01.    

Table 2: Correlation between user’s reviews and critics’ reviews with several box-office grossing achievements based on big, medium and small releases movie samples
	Movie Sample that opened in 


	Reviews 
	Total Cumulative grossing
	Weekend grossing
	Total grossing minus opening weekend

	> 3000 screens
(n = 95)
	Users’ reviews

Critics’ reviews


	0.557**
0.501**
	0.418**

0.421**


	0.585**

0.509**

	Between 1000 -2999 screens 

(n = 120)
	Users’ reviews

Critics’ reviews
	0.278**

0.250**


	-0.029

-0.128
	0.339**

0.342**

	Less than 1000 screens

(n =28 )
	Users’ reviews

Critics’ reviews
	-0.285

-0.076


	-0.320

-0.319*
	-0.208

0.110


**significance at p = 0.01, *significance at p=0.05. 
Table 3: Determinants of Total Grossing  

	Total Grossing of Movies (n = 209)


	Constant                       
 -2.23E+08 (-6.622)
Star Power                                                                               7658633 (0.849)   
Season dummy 1 (summer =1, others =0)                               12497587** (2.280) 
Season dummy 2 (christmas =1, others =0)                             -6259595 (-0.818)
Total Screen                                                                             32929.74 * (7.713)  
Production Budget                                                                   0.516090 * (4.427)
User reviews                                                                             1774728 * (5.110)
Critics reviews                                                                          853494.5 * (2.956) 
R2                                                                                                                                             0.705
Adjusted  R2                                                                              0.694  
F                                                                                                68.523* 
White Heteroscedasticity-Consistent Standard Errors & Covariance   


t-statistics in parenthesis
*     significant at p = 0.01

**   significant at p = 0.05

*** significant at p = 0.10 

Table 4 Determinants of Weekend Grossing 

	Weekend Grossing (n = 209)


	Constant                       
 -40119391 (-4.012)

Star Power                                                                               2862093 (0.976)   

Season dummy 1 (summer =1, others =0)                              2235565 (1.322) 

Season dummy 2 (christmas =1, others =0)                            -9047516* (-3.402)

Total Screen                                                                             8662.120* (6.284)  

Production Budget                                                                   0.198* (6.573)

User reviews                                                                             306923.6* (2.725)

Critics reviews                                                                          100350.4 (1.209) 

R2                                                                                                                                             0.690
Adjusted  R2                                                                              0.679  
F                                                                                                63.86* 

White Heteroscedasticity-Consistent Standard Errors & Covariance   


t-statistics in parenthesis

*     significant at p = 0.01

**   significant at p = 0.05

*** significant at p = 0.10 

Table 5 Determinants of Total Grossing after Opening weekend 

	Total Grossing after Opening weekend 


	Constant                       
 -1.83E+08 (-6.951)

Star Power                                                                               4796540 (0.768)   

Season dummy 1 (summer =1, others =0)                              10262023** (2.376) 

Season dummy 2 (christmas =1, others =0)                            2787921 (0.453)

Total Screen                                                                             24153.96* (6.317)  

Production Budget                                                                   0.319* (3.305)

User reviews                                                                             1467805* (5.598)

Critics reviews                                                                          753144.1* (3.242) 

R2                                                                                                                                             0.669
Adjusted  R2                                                                              0.657  
F                                                                                                57.95* 

White Heteroscedasticity-Consistent Standard Errors & Covariance   


t-statistics in parenthesis

*     significant at p = 0.01

**   significant at p = 0.05

*** significant at p = 0.10 
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� Despite being critically-acclaimed, none of the four Tarantino-directed movies after 1994’s Pulp Fiction made anything close to $US100 million domestically. As of 15 November 2009, Inglorious Basterds has made $120,135,237 in the North America market (source:www.boxofficemojo.com).  





� At the time of the writing of this paper, i.e. as of 25th November 2009.


� Bruno, which opened in 2756 screens across North America made US$ $30,619,130 in its first weekend but fell 72.8% and 65.9% respectively in its second and third weekend. It went on to take up only US$$60,054,530 over its entire run at the North America box-office and is widely regarded by many in the industry as a phenomena that was due to the negative buzz generated by Twitter. 


� http://www.ecommerce-journal.com/news/24641_facebook-and-twitter-greatly-influence-box-office-sales-moviemaking-industry?drgn=1





� For more on social networking community’s comments on movies, see � HYPERLINK "http://www.fizziolo.gy" ��www.fizziolo.gy�. The website tracks the top ten on-line comments (negative and positive) on movies starting from 8 October 2009.  


� Correlation test between Yahoo user reviews and Metacritic user reviews saw significant relationship (at 1%) thus lending support to the validity of using the Yahoo users’ data to represent users’ opinions.       


� See King (2007) for more.   


� Comments and conversations on movies (negative or positive) can be found in a website source called � HYPERLINK "http://www.fizziolo.gy" ��www.fizziolo.gy�, the first and only chart to measure the world of entertainment using the world of online conversation. Although it attempts to measure the world of entertainment using the world of online conversation, there are still data limitations as its chart tracks only top 10 discussions, thus not all movies may be subjected to conversations and as such, no measurement points would be available for these movies. In addition, since it is very new (started only as of 8 October 2009), there are limitations of historical data as well.   


� The sample of movies for 2009 excludes those released after 1 October 2009. The figures obtained in the year’s top 150 movies were as those tabulated as of 15 November 2009. 





� Source taken form the website � HYPERLINK "http://www.boxofficemojom.com" ��www.boxofficemojom.com�. The average prices of movie ticket in 2008 and 2009 are the same at US$7.18. 


� About 65-70% of all motion pictures earn their maximum box-office revenue in their first week of release (De Vany & Walls, 1999). 


� A crude calculation involving the total cumulative grossing divided with the maximum number of screens during the movie’s theatrical run life-cycle. The move to include this is to control for the number of screenings that is very likely to impact a movie’s earning capacity. 


� The sources included (a) � HYPERLINK "http://www.aceshowbiz.com" ��http://www.aceshowbiz.com�, (b) � HYPERLINK "http://movies.about.com/od/bruno/a/behind-the-scenes.htm, (c" ��http://movies.about.com/od/bruno/a/behind-the-scenes.htm, (c�) � HYPERLINK "http://www.wikipedia.org" ��www.wikipedia.org�. (d) � HYPERLINK "http://www.the-numbers.com/movies/2009/STPLY.php" ��http://www.the-numbers.com/movies/2009/STPLY.php�,  and finally (e) � HYPERLINK "http://coffeeandcelluloid.com/2008/05/07/dinner-and-confessions-of-a-shopaholic/" ��http://coffeeandcelluloid.com/2008/05/07/dinner-and-confessions-of-a-shopaholic�.       





� The summer season movies refers to movies released between may to the first week of September while the Christmas holidays season is taken as between the last week of November (taking into account the Thanksgiving holidays) through to the first week of January the following year.  
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Sheet1

		Rank		Movie Title (click to view)		Studio		Total Gross / Theaters		Opening gross		Open		Close		opening theater count		total grossing after opening week		theater count		average gross		critics' score		users' score		metascore		user's score				Production budget (millions)

		75		9		Focus		31,625,752		10,740,446		9-Sep		-		1,661		20,885,306		2,060		15,352.31		61.5		76.9		60		6.3				30

		71		(500) Days of Summer		FoxS		32,374,303		834,501		17-Jul		-		27		31,539,802		1,048		30,891.51		76.9		92.3		76		7.6				8

		31		10,000 B.C.		WB		94,784,201		35,867,488		7-Mar		19-Jun		3,410		58,916,713		3454		27,441.86		38.4		53.8		34		4.8				105														$58,916,713

		44		17 Again		WB (NL)		64,167,069		23,722,310		17-Apr		-		3,255		40,444,759		3,255		19,713.39		53.8		84.6		48		5.6				20

		41		27 Dresses		Fox		76,808,654		23,007,725		18-Jan		29-May		3,057		53,800,929		3074		24,986.55		53.8		69.2		47		6.1				30														$53,800,929

		123		88 Minutes		Sony		17,213,467		6,957,216		18-Apr		-		2,168		10,256,251		2168		7,939.79		23		53.8		17		2.9				30														$10,256,251

		101		A Perfect Getaway		Uni.		15,515,460		5,948,555		7-Aug		17-Sep		2,159		9,566,905		2,159		7,186.41		53.8		69.2		63		6.7				14

		149		Adam		FoxS		2,277,396		68,377		29-Jul		-		4		2,209,019		177		12,866.64		69.2		84.6		56		7.8

		100		Adventureland		Mira.		16,044,025		5,722,039		3-Apr		28-May		1,862		10,321,986		1,876		8,552.25		76.9		69.2		76		6.5

		82		Aliens in the Attic		Fox		25,181,910		8,008,423		31-Jul		-		3,106		17,173,487		3,108		8,102.29		46.1		69.2		42		5.1				45

		67		All About Steve		Fox		33,736,144		11,241,214		4-Sep		-		2,251		22,494,930		2,265		14,894.54		23		61.5		17		3.9

		15		Angels & Demons		Sony		133,375,846		46,204,168		15-May		2-Aug		3,527		87,171,678		3,527		37,815.66		53.8		69.2		48		6				150

		116		Appaloosa		WB (NL)		20,211,394		248,847		19-Sep		22-Jan		14		19,962,547		1290		15,667.75		69.2		69.2		64		5.5				20														$19,962,547

		58		Australia		Fox		49,554,002		14,800,723		26-Nov		26-Mar		2,642		34,753,279		2721		18,211.69		53.8		76.9		53		7				130														$34,753,279

		120		Away We Go		Focus		9,451,946		130,411		5-Jun		20-Aug		4		9,321,535		506		18,679.74		61.5		76.9		58		6.6				17

		130		Bandslam		Sum.		5,210,988		2,231,273		14-Aug		24-Sep		2,121		2,979,715		2,121		2,456.85		61.5		76.9		66		5.7

		126		Bangkok Dangerous		LGF		15,298,133		7,783,266		5-Sep		23-Oct		2,650		7,514,867		2654		5,764.18		46.1		53.8		24		5				45														$7,514,867

		141		Be Kind, Rewind		NL		11,175,164		4,050,655		22-Feb		1-May		808		7,124,509		810		13,796.50		69.2		61.5		52		6.1				20														$7,124,509

		24		Bedtime Stories		BV		110,101,975		27,450,296		25-Dec		12-Mar		3,681		82,651,679		3684		29,886.53		46.1		76.9		33		4.2				80														$82,651,679

		32		Beverly Hills Chihuahua		BV		94,514,402		29,300,465		3-Oct		5-Feb		3,215		65,213,937		3239		29,180.12		53.8		76.9		41		3.9																		$65,213,937

		72		Body of Lies		WB		39,394,666		12,884,416		10-Oct		15-Jan		2,710		26,510,250		2714		14,515.35		61.5		69.2		57		7.7				70														$26,510,250

		22		Bolt		BV		114,053,579		26,223,128		21-Nov		22-Feb		3,651		87,830,451		3654		31,213.35		69.2		76.9		67		7.9				150														$87,830,451

		48		Bride Wars		Fox		58,715,510		21,058,173		9-Jan		10-May		3,226		37,657,337		3,228		18,189.44		38.4		69.2		24		3.5				30

		135		Bright Star		App.		4,341,275		189,703		16-Sep		-		19		4,151,572		380		11,424.41		76.9		76.9		81		7.1				9

		47		Bruno		Uni.		60,054,530		30,619,130		10-Jul		20-Aug		2,756		29,435,400		2,759		21,766.77		61.5		46.1		54		6.1				40

		52		Burn After Reading		Focus		60,355,347		19,128,001		12-Sep		25-Dec		2,651		41,227,346		2657		22,715.60		69.2		53.8		63		6.1				37														$41,227,346

		105		Capitalism: A Love Story		Over.		14,194,694		231,964		23-Sep		-		4		13,962,730		995		14,266.02		69.2		61.5		61		6.2

		80		Changeling		Uni.		35,739,802		489,015		24-Oct		8-Jan		15		35,250,787		1896		18,850.11		69.2		84.6		63		8				55														$35,250,787

		142		Cheri		Mira.		2,715,657		405,701		26-Jun		27-Aug		76		2,309,956		191		14,218.10		69.2		69.2		63		7

		17		Cloudy with a Chance of Meatballs		Sony		122,090,972		30,304,648		18-Sep		-		3,119		91,786,324		3,119		39,144.27		61.5		84.6		66		7.4				100

		39		Cloverfield		Par.		80,048,433		40,058,229		18-Jan		10-Apr		3,411		39,990,204		3411		23,467.73		69.2		53.8		64		5.8				25														$39,990,204

		62		College Road Trip		BV		45,610,425		13,601,419		7-Mar		31-Jul		2,706		32,009,006		2706		16,855.29		30.7		69.2		36		7.2																		$32,009,006

		57		Confessions of a Shopaholic		BV		44,277,350		15,066,360		13-Feb		28-May		2,507		29,210,990		2,534		17,473.30		46.1		76.9		38		3.8				70

		31		Coraline		Focus		75,286,229		16,849,640		6-Feb		2-Jul		2,299		58,436,589		2,320		32,450.96		76.9		76.9		80		7.8				60

		79		Death Race		Uni.		36,316,032		12,621,090		22-Aug		16-Oct		2,532		23,694,942		2586		14,043.32		46.1		76.9		43		6.6				45														$23,694,942

		100		Defiance		ParV		28,644,813		123,513		31-Dec		30-Apr		2		28,521,300		1793		15,975.91		61.5		84.6		58		5				32														$28,521,300

		87		Definitely, Maybe		Uni.		32,241,649		9,764,270		14-Feb		10-Apr		2,204		22,477,379		2220		14,523.27		61.5		69.2		59		7				7														$22,477,379

		20		District 9		TriS		115,646,235		37,354,308		14-Aug		-		3,049		78,291,927		3,180		36,366.74		84.6		76.9		80		7.9				30

		142		Doomsday		Rog.		11,008,770		4,926,565		14-Mar		10-Apr		1,936		6,082,205		1938		5,680.48		46.1		53.8		51		4.7				33														$6,082,205

		85		Doubt		Mira.		33,446,470		507,226		12-Dec		9-Apr		15		32,939,244		1287		25,987.93		76.9		76.9		68		7.5				20														$32,939,244

		10		Dr. Seuss' Horton Hears a Who!		Fox		154,529,439		45,012,998		14-Mar		4-Sep		3,954		109,516,441		3961		39,012.73		69.2		76.9		71		8.2				85														$109,516,441

		60		Drag Me to Hell		Uni.		42,100,625		15,825,480		29-May		6-Aug		2,508		26,275,145		2,510		16,773.16		76.9		69.2		83		6.2				30

		86		Drillbit Taylor		Par.		32,862,104		10,309,986		21-Mar		19-Jun		3,056		22,552,118		3061		10,735.74		46.1		69.2		41		6				40														$22,552,118

		62		Duplicity		Uni.		40,572,825		13,965,110		20-Mar		28-May		2,574		26,607,715		2,579		15,732.00		69.2		53.8		69		4.6				60

		27		Eagle Eye		P/DW		101,440,743		29,150,721		26-Sep		8-Jan		3,510		72,290,022		3614		28,068.83		46.1		76.9		43		7.5				80														$72,290,022

		72		Earth (2009)		BV		32,011,576		8,825,760		22-Apr		30-Jul		1,804		23,185,816		1,804		17,744.78		69.2		76.9		72		5.4				15

		115		Extract		Mira.		10,823,158		4,340,108		4-Sep		15-Oct		1,611		6,483,050		1,614		6,705.80		61.5		61.5		61		4.5				8

		87		Fame (2009)		MGM		22,365,483		10,011,682		25-Sep		-		3,096		12,353,801		3,133		7,138.68		46.1		69.2		39		4				18

		11		Fast and Furious		Uni.		155,064,265		70,950,500		3-Apr		-		3,461		84,113,765		3,674		42,205.84		46.1		76.9		45		6.8				85

		84		Fighting		Rog.		23,091,010		11,024,370		24-Apr		-		2,309		12,066,640		2,312		9,987.46		61.5		76.9		61		4

		96		Fired Up		SGem		17,231,291		5,483,778		20-Feb		5-Apr		1,810		11,747,513		1,811		9,514.79		38.4		76.9		31		5.5				20

		76		First Sunday		SGem		37,931,869		17,714,821		11-Jan		24-Feb		2,213		20,217,048		2213		17,140.47		38.4		61.5		41		5.8																		$20,217,048

		130		Fly Me to the Moon		Sum.		13,816,982		1,900,523		15-Aug		28-May		452		11,916,459		713		19,378.66		46.1		61.5		36		1.3				25														$11,916,459

		134		Food, Inc.		Magn.		4,414,034		60,513		12-Jun		-		3		4,353,521		155		28,477.64		69.2		84.6		80		8.5

		45		Fool's Gold		WB		70,231,041		21,589,295		8-Feb		29-May		3,125		48,641,746		3125		22,473.93		30.7		61.5		29		3.9				70														$48,641,746

		50		Forgetting Sarah Marshall		Uni.		63,172,463		17,725,330		18-Apr		10-Jul		2,798		45,447,133		2872		21,995.98		69.2		69.2		67		7				30														$45,447,133

		21		Four Christmases		WB (NL)		120,146,040		31,069,826		26-Nov		12-Feb		3,310		89,076,214		3540		33,939.56		46.1		69.2		41		4.5				80														$89,076,214

		43		Friday the 13th (2009)		WB (NL)		65,002,019		40,570,365		13-Feb		23-Apr		3,105		24,431,654		3,105		20,934.63		46.1		69.2		34		6.8				19

		120		Frost/Nixon		Uni.		18,622,031		180,708		5-Dec		26-Mar		3		18,441,323		1105		16,852.52		84.6		76.9		80		7.5				25														$18,441,323

		51		Funny People		Uni.		51,855,045		22,657,780		31-Jul		17-Sep		3,007		29,197,265		3,008		17,239.04		69.2		61.5		60		6.5				75

		12		G.I. Joe: The Rise of Cobra		Par.		150,201,498		54,713,046		7-Aug		5-Nov		4,007		95,488,452		4,007		37,484.78		38.4		69.2		32		5.4				175

		89		Gamer		LGF		20,534,907		9,156,057		4-Sep		8-Oct		2,502		11,378,850		2,502		8,207.40		46.1		61.5		27		4.8

		19		Get Smart		WB		130,319,208		38,683,480		20-Jun		6-Nov		3,911		91,635,728		3915		33,287.15		61.5		76.9		54		7.6				80														$91,635,728

		19		G-Force		BV		119,114,038		31,706,934		24-Jul		-		3,697		87,407,104		3,697		32,219.11		46.1		69.2		41		3.9				150

		132		Ghost Town		P/DW		13,367,624		5,012,315		19-Sep		13-Nov		1,505		8,355,309		1512		8,841.02		61.5		76.9		72		7.6				20														$8,355,309

		50		Ghosts of Girlfriends Past		WB (NL)		55,250,026		15,411,434		1-May		-		3,175		39,838,592		3,175		17,401.58		46.1		69.2		34		4.7

		12		Gran Torino		WB		148,095,302		271,720		12-Dec		18-Jun		6		147,823,582		3045		48,635.57		69.2		84.6		72		8.5				33														$147,823,582

		68		Halloween II (2009)		W/Dim.		33,335,670		16,349,565		28-Aug		-		3,025		16,986,105		3,088		10,795.23		46.1		61.5		46		5.9				15

		4		Hancock		Sony		227,946,274		62,603,879		2-Jul		7-Sep		3,965		165,342,395		3965		57,489.60		53.8		69.2		49		6.5				150														$165,342,395

		30		Hannah Montana The Movie		BV		79,576,189		32,324,487		10-Apr		13-Aug		3,118		47,251,702		3,231		24,628.97		38.4		76.9		47		4.8				35

		48		Hannah Montana/Miley Cyrus: Best of Both Worlds Concert Tour		BV		65,281,781		31,117,834		1-Feb		15-May		683		34,163,947		687		95,024.43		53.8		61.5		59		4.5				6.5														$34,163,947

		75		Harold and Kumar Escape from Guantanamo Bay		WB (NL)		38,108,728		14,908,404		25-Apr		17-Jul		2,510		23,200,324		2545		14,973.96		46.1		69.2		57		6.5				9														$23,200,324

		2		Harry Potter and the Half-Blood Prince		WB		301,809,058		77,835,727		15-Jul		-		4,325		223,973,331		4,455		67,746.14		76.9		76.9		78		6.6				250

		42		Hellboy II: The Golden Army		Uni.		75,986,503		34,539,115		11-Jul		18-Sep		3,204		41,447,388		3212		23,657.07		69.2		76.9		78		7.2				85														$41,447,388

		25		He's Just Not That Into You		WB (NL)		93,953,653		27,785,487		6-Feb		18-Jun		3,175		66,168,166		3,175		29,591.70		53.8		69.2		47		6.1				25

		33		High School Musical 3: Senior Year		BV		90,559,416		42,030,184		24-Oct		5-Feb		3,623		48,529,232		3626		24,975.02		53.8		76.9		57		3.6				11														$48,529,232

		34		Hotel for Dogs		P/DW		73,034,460		17,012,212		16-Jan		-		3,271		56,022,248		3,271		22,327.87		46.1		76.9		51		4.1				25

		104		I Love You Beth Cooper		Fox		14,800,725		4,919,433		10-Jul		1-Oct		1,858		9,881,292		1,872		7,906.37		46.1		69.2		32		3.7				18

		35		I Love You, Man		P/DW		71,440,011		17,810,270		20-Mar		4-Jun		2,711		53,629,741		2,829		25,252.74		76.9		76.9		70		7.6

		7		Ice Age: Dawn of the Dinosaurs		Fox		196,519,585		41,690,382		1-Jul		-		4,099		154,829,203		4,102		47,908.24		46.1		76.9		50		7.1				90

		118		Igor		MGM		19,528,602		7,803,347		19-Sep		22-Jan		2,339		11,725,255		2341		8,341.99		46.1		61.5		40		6.3				25														$11,725,255

		99		Imagine That		Par.		16,123,323		5,503,519		12-Jun		20-Aug		3,008		10,619,804		3,011		5,354.81		46.1		69.2		54		5.3				55

		148		In the Loop		IFC		2,388,804		191,866		24-Jul		-		8		2,196,938		92		25,965.26		84.6		69.2		83		8.2

		3		Indiana Jones and the Kingdom of the Crystal Skull		Par.		317,101,119		100,137,835		22-May		16-Oct		4,260		216,963,284		4264		48,655.31		69.2		61.5		65		5				185														$216,963,284

		18		Inglourious Basterds		Wein.		120,135,237		38,054,676		21-Aug		-		3,165		82,080,561		3,358		35,775.83		84.6		76.9		69		7.5				70

		95		Inkheart		WB (NL)		17,303,424		7,601,379		23-Jan		9-Apr		2,655		9,702,045		2,655		6,517.30		46.1		69.2		47		6.8				60

		2		Iron Man		Par.		318,412,101		98,618,668		2-May		2-Oct		4,105		219,793,433		4154		76,651.93		76.9		84.6		79		8.3				140														$219,793,433

		98		Jennifer's Body		Fox		16,195,523		6,868,397		18-Sep		-		2,702		9,327,126		2,738		5,915.09		46.1		61.5		47		5.3				16

		91		Jonas Brothers: The 3D Concert Experience		BV		19,162,740		12,510,374		27-Feb		2-Apr		1,271		6,652,366		1,276		15,017.82		46.1		69.2		45		2

		26		Journey to the Center of the Earth		WB (NL)		101,704,370		21,018,141		11-Jul		11-Dec		2,811		80,686,229		2830		35,937.94		53.8		69.2		57		4.7				60														$80,686,229

		26		Julie & Julia		Sony		93,723,567		20,027,956		7-Aug		-		2,354		73,695,611		2,528		37,074.20		61.5		84.6		66		7.5				40

		38		Jumper		Fox		80,172,128		27,354,808		14-Feb		10-Jul		3,428		52,817,320		3430		23,373.80		38.4		61.5		35		5.3				85														$52,817,320

		121		Kit Kittredge: An American Girl		PicH		17,657,973		220,297		20-Jun		9-Oct		5		17,437,676		1849		9,550.01		61.5		69.2		63		8.6				10														$17,437,676

		29		Knowing		Sum.		79,957,634		24,604,751		20-Mar		9-Jul		3,332		55,352,883		3,337		23,960.93		46.1		69.2		41		6.4				50

		6		Kung Fu Panda		P/DW		215,434,591		60,239,130		6-Jun		9-Oct		4,114		155,195,461		4136		52,087.67		69.2		76.9		73		7.9				130														$155,195,461

		73		Lakeview Terrace		SGem		39,263,506		15,004,672		19-Sep		2-Nov		2,464		24,258,834		2574		15,253.89		46.1		69.2		47		2.6				20														$24,258,834

		54		Land of the Lost		Uni.		49,438,370		18,837,350		5-Jun		13-Aug		3,521		30,601,020		3,534		13,989.35		46.1		46.1		32		4.9				100

		127		Last Chance Harvey		Over.		14,889,042		97,260		25-Dec		23-Apr		6		14,791,782		1108		13,437.76		61.5		69.2		57		6.2																		$14,791,782

		95		Leatherheads		Uni.		31,373,938		12,682,595		4-Apr		5-Jun		2,769		18,691,343		2798		11,212.99		61.5		53.8		56		6				58														$18,691,343

		86		Love Happens		Uni.		22,965,110		8,057,010		18-Sep		5-Nov		1,898		14,908,100		1,922		11,948.55		38.4		69.2		33		5.3				18

		115		Mad Money		Over.		20,668,843		7,736,452		18-Jan		18-May		2,470		12,932,391		2470		8,367.95		46.1		61.5		41		6.4				22														$12,932,391

		8		Madagascar: Escape 2 Africa		P/DW		180,010,950		63,106,589		7-Nov		26-Feb		4,056		116,904,361		4065		44,283.14		61.5		76.9		61		7.2				150														$116,904,361

		61		Made of Honor		Sony		46,012,734		14,756,850		2-May		29-Jun		2,729		31,255,884		2816		16,339.75		46.1		69.2		37		4.5				40														$31,255,884

		13		Mamma Mia!		Uni.		144,130,063		27,751,240		18-Jul		6-Nov		2,976		116,378,823		3194		45,125.25		61.5		76.9		51		7.4				52														$116,378,823

		14		Marley and Me		Fox		143,153,751		36,357,586		25-Dec		30-Apr		3,480		106,796,165		3505		40,842.72		53.8		76.9		53		6.7																		$106,796,165

		70		Max Payne		Fox		40,689,393		17,639,849		17-Oct		15-Jan		3,376		23,049,544		3381		12,034.72		38.4		61.5		31		5.4				35														$23,049,544

		139		Meet Dave		Fox		11,803,254		5,251,918		11-Jul		9-Oct		3,011		6,551,336		3011		3,920.04		46.1		53.8		43		5.5				60														$6,551,336

		89		Milk		Focus		31,841,299		1,453,844		26-Nov		16-Apr		36		30,387,455		882		36,101.25		84.6		76.9		84		7.4				20														$30,387,455

		133		Miss March		FoxS		4,543,320		2,409,156		13-Mar		30-Apr		1,742		2,134,164		1,742		2,608.11		23		61.5		7		3.7

		137		Miss Pettigrew Lives for a Day		Focus		12,313,694		2,490,942		7-Mar		22-May		535		9,822,752		539		22,845.44		69.2		69.2		63		7.5																		$9,822,752

		6		Monsters Vs. Aliens		P/DW		198,351,526		59,321,095		27-Mar		27-Aug		4,104		139,030,431		4,136		47,957.33		53.8		69.2		56		6.8				175

		131		Moon		SPC		5,009,677		136,046		12-Jun		-		8		4,873,631		252		19,879.67		69.2		76.9		67		8.5				5

		124		My Life in Ruins		FoxS		8,665,206		3,223,161		5-Jun		3-Sep		1,164		5,442,045		1,165		7,437.95		38.4		69.2		34		7.3				17

		55		My Sister's Keeper		WB		49,200,230		12,442,212		26-Jun		8-Oct		2,606		36,758,018		2,606		18,879.60		53.8		76.9		51		5.9				30

		109		Never Back Down		Sum.		24,850,922		8,603,195		14-Mar		5-Jun		2,729		16,247,727		2729		9,106.24		38.4		76.9		39		7.6				20														$16,247,727

		97		New in Town		LGF		16,734,283		6,741,530		30-Jan		26-Mar		1,941		9,992,753		1,941		8,621.48		38.4		69.2		29		4.2

		119		Next Day Air		Sum.		10,027,047		4,111,043		8-May		2-Jul		1,138		5,916,004		1,139		8,803.38		46.1		61.5		46		5.5				3

		92		Nick and Norah's Infinite Playlist		Sony		31,487,293		11,311,751		3-Oct		16-Nov		2,421		20,175,542		2421		13,005.90		69.2		76.9		64		5.6				10														$20,175,542

		9		Night at the Museum: Battle of the Smithsonian		Fox		177,243,721		54,173,286		22-May		-		4,096		123,070,435		4,101		43,219.63		46.1		76.9		42		5.8				150

		69		Nights in Rodanthe		WB		41,850,659		13,418,454		26-Sep		15-Jan		2,704		28,432,205		2704		15,477.31		53.8		69.2		39		4.4																		$28,432,205

		60		Nim's Island		Fox		48,006,762		13,210,579		4-Apr		28-Aug		3,513		34,796,183		3518		13,646.04		53.8		61.5		55		7.1				37														$34,796,183

		116		Not Easily Broken		SGem		10,572,742		5,314,278		9-Jan		8-Feb		724		5,258,464		725		14,583.09		46.1		76.9		43		7.6				5

		65		Notorious (2009)		FoxS		36,843,682		20,497,596		16-Jan		2-Apr		1,638		16,346,086		1,641		22,451.97		61.5		76.9		60		5.4				20

		83		Observe and Report		WB		24,007,324		11,017,334		10-Apr		18-Jun		2,727		12,989,990		2,727		8,803.57		61.5		53.8		54		5.4				18

		61		Orphan		WB		41,596,251		12,871,483		24-Jul		8-Oct		2,750		28,724,768		2,750		15,125.91		46.1		76.9		42		7.3

		22		Paranormal Activity		Par.		103,690,184		77,873		25-Sep		-		12		103,612,311		2,712		38,233.84		76.9		69.2		68		5.3				0.015

		13		Paul Blart: Mall Cop		Sony		146,336,178		31,832,636		16-Jan		25-May		3,144		114,503,542		3,206		45,644.47		46.1		69.2		39		4.9				26

		145		Penelope		Sum.		10,011,996		3,802,144		Feb-29		5-Jun		1,196		6,209,852		1207		8,294.94		53.8		69.2		48		7.4																		$6,209,852

		34		Pineapple Express		Sony		87,341,380		23,245,025		6-Aug		-		3,072		64,096,355		3072		28,431.44		69.2		76.9		64		6.7				27														$64,096,355

		103		Ponyo		BV		15,090,399		3,585,852		14-Aug		5-Nov		927		11,504,547		927		16,278.75		84.6		84.6		86		7.6				34

		128		Post Grad		Fox		6,380,019		2,651,996		21-Aug		15-Oct		1,959		3,728,023		1,959		3,256.77		38.4		69.2		35		7				15

		125		Pride & Glory		WB (NL)		15,740,721		6,262,396		24-Oct		11-Dec		2,585		9,478,325		2585		6,089.25		53.8		69.2		45		7.6				30														$9,478,325

		65		Prom Night (2008)		SGem		43,869,350		20,804,941		11-Apr		29-May		2,700		23,064,409		2821		15,550.99		23		61.5		17		4.4				20														$23,064,409

		24		Public Enemies		Uni.		97,104,620		25,271,675		1-Jul		3-Sep		3,334		71,832,945		3,336		29,108.10		69.2		69.2		70		6.4				100

		73		Push		Sum.		31,811,527		10,079,109		6-Feb		-		2,313		21,732,418		2,313		13,753.36		46.1		69.2		36		6.3				38

		9		Quantum of Solace		Sony		168,368,427		67,528,882		14-Nov		25-Jan		3,451		100,839,545		3501		48,091.52		61.5		69.2		58		6.3				200														$100,839,545

		39		Race to Witch Mountain		BV		67,172,594		24,402,214		13-Mar		9-Jul		3,187		42,770,380		3,268		20,554.65		53.8		76.9		52		6.8				50

		135		Rachel Getting Married		SPC		12,796,841		293,369		3-Oct		-		9		12,503,472		391		32,728.49		76.9		61.5		82		5.3				12														$12,503,472

		66		Rambo		LGF		42,754,105		18,203,876		25-Jan		27-Mar		2,751		24,550,229		2764		15,468.20		38.4		76.9		46		8.8				50														$24,550,229

		133		Religulous		LGF		13,011,160		3,409,643		1-Oct		18-Dec		502		9,601,517		568		22,906.97		69.2		69.2		56		7.6				2.5														$9,601,517

		112		Revolutionary Road		ParV		22,911,480		189,911		26-Dec		2-Apr		3		22,721,569		1077		21,273.43		69.2		69.2		69		6.6				35														$22,721,569

		71		Righteous Kill		Over.		40,081,410		16,288,361		12-Sep		-		3,152		23,793,049		3152		12,716.18		38.4		61.5		36		5.1				60														$23,793,049

		47		Role Models		Uni.		67,294,270		19,167,085		7-Nov		29-Jan		2,792		48,127,185		2798		24,050.85		61.5		76.9		60		7.7				28														$48,127,185

		54		Saw V		LGF		56,746,769		30,053,954		24-Oct		11-Dec		3,060		26,692,815		3084		18,400.38		23		61.5		19		5.7				11														$26,692,815

		83		Semi-Pro		NL		33,479,698		15,075,114		Feb-29		1-May		3,121		18,404,584		3121		10,727.23		53.8		53.8		47		6																		$18,404,584

		46		Seven Pounds		Sony		69,951,824		14,851,136		19-Dec		25-Jan		2,758		55,100,688		2758		25,363.24		53.8		76.9		36		4.8				55														$55,100,688

		11		Sex and the City		WB (NL)		152,647,258		57,038,404		30-May		18-Sep		3,285		95,608,854		3325		45,908.95		61.5		76.9		53		6.1				65														$95,608,854

		150		Sex Drive		Sum.		8,402,485		3,607,164		17-Oct		12/		2,421		4,795,321		2421		3,470.67		53.8		69.2		49		3				19														$4,795,321

		88		Shorts		WB		20,724,310		6,410,339		21-Aug		-		3,105		14,313,971		3,105		6,674.50		53.8		61.5		53		3

		106		Shutter		Fox		25,928,550		10,447,559		21-Mar		26-Jun		2,753		15,480,991		2756		9,408.04		38.4		53.8		37		6.1				8														$15,480,991

		144		Sin Nombre		Focus		2,536,665		81,446		20-Mar		16-Jul		6		2,455,219		87		29,157.07		76.9		84.6		77		8.5

		16		Slumdog Millionaire		FoxS		141,319,928		360,018		12-Nov		28-May		10		140,959,910		2943		48,019.00		76.9		84.6		86		7.9				15														$140,959,910

		147		Smart People		Mira.		9,511,289		4,092,465		11-Apr		5-Jun		1,106		5,418,824		1119		8,499.81		61.5		53.8		57		7.7																		$5,418,824

		114		Sorority Row		Sum.		11,965,282		5,059,802		11-Sep		5-Nov		2,665		6,905,480		2,665		4,489.79		38.4		69.2		24		6.1				13

		138		Soul Men		MGM/W		12,082,391		5,401,605		7-Nov		5-Feb		2,044		6,680,786		2048		5,899.60		53.8		76.9		49		5.4				40														$6,680,786

		97		Space Chimps		Fox		30,105,968		7,181,374		18-Jul		23-Nov		2,511		22,924,594		2538		11,862.08		38.4		61.5		36		3.4				37														$22,924,594

		64		Speed Racer		WB		43,945,766		18,561,337		9-May		7-Aug		3,606		25,384,429		3606		12,186.85		46.1		61.5		37		7.9				120														$25,384,429

		5		Star Trek		Par.		257,730,019		75,204,289		8-May		1-Oct		3,849		182,525,730		4,053		63,589.94		76.9		92.3		83		8				150

		81		Star Wars: The Clone Wars		WB		35,161,554		14,611,273		15-Aug		13-Nov		3,452		20,550,281		3452		10,185.85		38.4		61.5		35		5				8.5														$20,550,281

		64		State of Play		Uni.		37,017,955		14,071,280		17-Apr		18-Jun		2,803		22,946,675		2,807		13,187.73		61.5		76.9		64		7.4				60

		28		Step Brothers		Sony		100,468,793		30,940,732		25-Jul		21-Sep		3,094		69,528,061		3182		31,574.10		53.8		69.2		51		6.9				65														$69,528,061

		53		Step Up 2 the Streets		BV		58,017,783		18,908,826		14-Feb		22-May		2,470		39,108,957		2528		22,950.07		53.8		76.9		50		7.7				17.5														$39,108,957

		143		Stop-Loss		Par.		10,915,744		4,555,117		28-Mar		19-Jun		1,291		6,360,627		1305		8,364.55		69.2		61.5		61		6.2				25														$6,360,627

		104		Street Kings		FoxS		26,418,667		12,469,631		11-Apr		17-Jul		2,467		13,949,036		2469		10,700.15		53.8		69.2		55		7.5				20														$13,949,036

		113		Sunshine Cleaning		Over.		12,062,558		219,190		13-Mar		9-Jul		4		11,843,368		642		18,789.03		61.5		76.9		61		6.4				2 (distribution rights)

		63		Surrogates		BV		38,368,790		14,902,692		25-Sep		-		2,951		23,466,098		2,992		12,823.79		53.8		69.2		45		6.1				80

		124		Swing Vote		BV		16,289,867		6,230,669		1-Aug		16-Oct		2,213		10,059,198		2213		7,360.99		53.8		69.2		47		6.1				21														$10,059,198

		14		Taken		Fox		145,000,989		24,717,037		30-Jan		5-Jul		3,183		120,283,952		3,184		45,540.51		46.1		84.6		50		7.7				25

		126		Taking Woodstock		Focus		7,460,204		3,457,760		26-Aug		1-Oct		1,393		4,002,444		1,395		5,347.82		61.5		69.2		55		6.9				30

		16		Terminator Salvation		WB		125,322,469		42,558,390		21-May		10-Sep		3,530		82,764,079		3,602		34,792.47		53.8		69.2		52		6				200

		98		The Bank Job		LGF		30,060,660		5,935,256		7-Mar		5-Jun		1,603		24,125,404		1613		18,636.49		61.5		69.2		69		7.6				20														$24,125,404

		149		The Boy in the Striped Pajamas		Mira.		9,046,156		253,085		7-Nov		22-Jan		17		8,793,071		679		13,322.76		69.2		84.6		55		8				12.5														$8,793,071

		138		The Brothers Bloom		Sum.		3,531,756		90,400		15-May		6-Aug		4		3,441,356		209		16,898.35		53.8		69.2		55		8.1				20

		15		The Chronicles of Narnia: Prince Caspian		BV		141,621,490		55,034,805		16-May		4-Sep		3,929		86,586,685		3929		36,045.17		61.5		76.9		62		6.6				225														$86,586,685

		20		The Curious Case of Benjamin Button		Par.		127,509,326		26,853,816		25-Dec		23-Apr		2,988		100,655,510		2988		42,673.80		76.9		84.6		70		6.5				150														$100,655,510

		1		The Dark Knight		WB		533,345,358		158,411,483		18-Jul		5-Mar		4,366		374,933,875		4366		122,158.81		84.6		92.3		82		8.8				185														$374,933,875

		40		The Day the Earth Stood Still (2008)		Fox		79,366,978		30,480,153		12-Dec		2-Apr		3,560		48,886,825		3560		22,294.09		38.4		53.8		40		4.5				80														$48,886,825

		129		The Duchess		ParV		13,848,978		190,426		19-Sep		11-Dec		7		13,658,552		1207		11,473.88		61.5		76.9		62		8.2				25.2														$13,658,552

		146		The Express		Uni.		9,793,406		4,562,675		10-Oct		6-Nov		2,808		5,230,731		2810		3,485.20		61.5		76.9		58		8.3				40														$5,230,731

		94		The Eye		LGF		31,418,697		12,425,776		1-Feb		10-Apr		2,436		18,992,921		2470		12,720.12		38.4		61.5		36		6.8				12														$18,992,921

		40		The Final Destination		WB (NL)		66,436,248		27,408,309		28-Aug		-		3,121		39,027,939		3,121		21,286.85		30.7		61.5		30		4.9				40

		56		The Forbidden Kingdom		LGF		52,075,270		21,401,121		18-Apr		19-Jun		3,151		30,674,149		3151		16,526.59		53.8		76.9		57		7.7				70														$30,674,149

		102		The Goods: Live Hard, Sell Hard		ParV		15,122,676		5,642,137		14-Aug		1-Oct		1,838		9,480,539		1,849		8,178.84		53.8		61.5		39		5.6				10

		4		The Hangover		WB		277,069,721		44,979,319		5-Jun		-		3,269		232,090,402		3,545		78,157.89		69.2		84.6		73		7.5				35

		49		The Happening		Fox		64,506,874		30,517,109		13-Jun		18-Sep		2,986		33,989,765		2986		21,603.11		46.1		38.4		34		5.6				48														$33,989,765

		49		The Haunting in Connecticut		LGF		55,389,516		23,004,765		27-Mar		14-May		2,732		32,384,751		2,732		20,274.35		38.4		69.2		33		6

		59		The House Bunny		Sony		48,237,389		14,533,702		22-Aug		12-Oct		2,714		33,703,687		2763		17,458.34		53.8		69.2		55		6.6				25														$33,703,687

		111		The Hurt Locker		Sum.		12,647,089		145,352		26-Jun		-		4		12,501,737		535		23,639.42		84.6		84.6		94		7.6				11

		17		The Incredible Hulk		Uni.		134,806,913		55,414,050		13-Jun		4-Sep		3,505		79,392,863		3508		38,428.42		61.5		76.9		61		7.7				150														$79,392,863

		69		The Informant!		WB		33,094,276		10,464,314		18-Sep		-		2,505		22,629,962		2,505		13,211.29		69.2		53.8		66		5.5				22

		81		The International		Sony		25,450,527		9,331,739		13-Feb		22-Mar		2,364		16,118,788		2,364		10,765.87		61.5		61.5		52		6				50

		70		The Last House on the Left (2009)		Uni.		32,752,215		14,118,685		13-Mar		14-May		2,401		18,633,530		2,402		13,635.39		53.8		69.2		42		5.7

		140		The Longshots		MGM/W		11,537,046		4,080,687		22-Aug		25-Nov		2,089		7,456,359		2089		5,522.76		53.8		76.9		52		6.3																		$7,456,359

		88		The Love Guru		Par.		32,235,793		13,907,130		20-Jun		28-Aug		3,012		18,328,663		3012		10,702.45		30.7		46.1		24		4.2				62														$18,328,663

		25		The Mummy: Tomb of the Dragon Emperor		Uni.		102,491,776		40,457,770		1-Aug		25-Sep		3,760		62,034,006		3778		27,128.58		38.4		61.5		31		4				145														$62,034,006

		103		The Other Boleyn Girl		Sony		26,814,957		8,203,061		Feb-29		20-Apr		1,166		18,611,896		1212		22,124.55		53.8		69.2		50		6				35														$18,611,896

		66		The Pink Panther 2		Sony		35,922,978		11,588,150		6-Feb		22-Mar		3,243		24,334,828		3,245		11,070.26		38.4		76.9		36		4.3

		10		The Proposal		BV		163,958,031		33,627,598		19-Jun		5-Nov		3,056		130,330,433		3,158		51,918.31		53.8		84.6		48		7.6				40

		82		The Reader		Wein.		34,194,407		168,051		10-Dec		-		8		34,026,356		1203		28,424.28		61.5		76.9		58		7.1				32														$34,026,356

		77		The Secret Life of Bees		FoxS		37,770,162		10,527,799		17-Oct		26-Feb		1,591		27,242,363		1630		23,171.88		61.5		84.6		57		8.8				11														$27,242,363

		63		The Sisterhood of the Traveling Pants 2		WB		44,089,964		10,678,430		6-Aug		13-Nov		2,707		33,411,534		2714		16,245.38		61.5		76.9		63		6.6				27														$33,411,534

		74		The Soloist		P/DW		31,720,158		9,716,458		24-Apr		-		2,024		22,003,700		2,090		15,177.11		69.2		69.2		61		7.1				60

		44		The Spiderwick Chronicles		Par.		71,195,053		19,004,058		14-Feb		8-May		3,847		52,190,995		3847		18,506.64		61.5		69.2		62		6.6				90														$52,190,995

		117		The Spirit		LGF		19,806,188		6,463,278		25-Dec		22-Jan		2,509		13,342,910		2509		7,894.06		38.4		38.4		30		4.6				53														$13,342,910

		55		The Strangers		Rog.		52,597,610		20,997,985		30-May		24-Jul		2,466		31,599,625		2477		21,234.40		61.5		53.8		47		6.5				9														$31,599,625

		41		The Taking of Pelham 1 2 3		Sony		65,452,312		23,373,102		12-Jun		23-Aug		3,074		42,079,210		3,077		21,271.47		69.2		76.9		55		6.1				100

		57		The Tale of Despereaux		Uni.		50,877,145		10,103,675		19-Dec		5-Mar		3,104		40,773,470		3107		16,375.01		61.5		69.2		53		5.4				60														$40,773,470

		45		The Time Traveler's Wife		WB (NL)		63,332,639		18,623,171		14-Aug		-		2,988		44,709,468		2,988		21,195.66		53.8		76.9		47		6.9				39

		28		The Ugly Truth		Sony		88,915,214		27,605,576		24-Jul		4-Oct		2,882		61,309,638		2,975		29,887.47		38.4		76.9		28		5.4				38

		59		The Unborn (2009)		Uni.		42,670,410		19,810,585		9-Jan		5-Mar		2,357		22,859,825		2,359		18,088.35		30.7		61.5		30		5				16

		78		The Uninvited		P/DW		28,596,818		10,325,824		30-Jan		2-Apr		2,344		18,270,994		2,344		12,200.01		46.1		69.2		43		6.7

		148		The Visitor		Over.		9,427,089		86,488		11-Apr		9-Oct		4		9,340,601		270		34,915.14		84.6		69.2		79		7.9				4														$9,340,601

		101		The Women (2008)		PicH		26,902,075		10,115,210		12-Sep		20-Nov		2,962		16,786,865		2995		8,982.33		38.4		61.5		27		3.7				16														$16,786,865

		105		The Wrestler		FoxS		26,238,243		202,714		17-Dec		14-May		4		26,035,529		776		33,812.17		84.6		76.9		81		8.2				6														$26,035,529

		114		The X-Files: I Want to Believe		Fox		20,982,478		10,021,753		25-Jul		9-Oct		3,185		10,960,725		3185		6,587.91		46.1		61.5		47		6.1				30														$10,960,725

		110		Traitor		Over.		23,530,831		7,868,465		27-Aug		25-Nov		2,054		15,662,366		2108		11,162.63		61.5		69.2		60		8.4				22														$15,662,366

		1		Transformers: Revenge of the Fallen		P/DW		402,111,870		108,966,307		24-Jun		15-Oct		4,234		293,145,563		4,293		93,666.87		38.4		76.9		35		5.9				200

		90		Transporter 3		LGF		31,715,062		12,063,452		26-Nov		1-Jan		2,626		19,651,610		2626		12,077.33		53.8		69.2		51		5.7				41														$19,651,610

		23		Tropic Thunder		P/DW		110,515,313		25,812,796		13-Aug		13-Nov		3,319		84,702,517		3473		31,821.28		69.2		69.2		71		7.1				92														$84,702,517

		7		Twilight		Sum.		191,465,414		69,637,740		21-Nov		2-Apr		3,419		121,827,674		3649		52,470.65		53.8		76.9		56		5.7				37														$121,827,674

		140		Two Lovers		Magn.		3,149,034		94,986		13-Feb		-		7		3,054,048		148		21,277.26		76.9		69.2		74		7.8				12

		52		Tyler Perry's I Can Do Bad All By Myself		LGF		51,733,921		23,446,785		11-Sep		29-Oct		2,255		28,287,136		2,255		22,941.87		69.2		84.6		55		6.5				13

		27		Tyler Perry's Madea Goes to Jail		LGF		90,508,336		41,030,947		20-Feb		23-Apr		2,032		49,477,389		2,203		41,084.13		46.1		84.6		50		4.5				17.5

		68		Tyler Perry's Meet the Browns		LGF		41,975,388		20,082,809		21-Mar		8-May		2,006		21,892,579		2016		20,821.13		46.1		76.9		45		6.2				20														$21,892,579

		136		Under the Same Moon		Wein.		12,590,147		2,769,655		19-Mar		17-Jul		266		9,820,492		454		27,731.60		61.5		76.9		59		9.4																		$9,820,492

		99		Untraceable		SGem		28,687,835		11,354,069		25-Jan		-		2,368		17,333,766		2368		12,114.80		38.4		61.5		32		4.9				35														$17,333,766

		3		Up		BV		293,004,164		68,108,790		29-May		5-Nov		3,766		224,895,374		3,886		75,399.94		84.6		84.6		88		9				175

		35		Valkyrie		UA		83,077,833		21,027,007		25-Dec		16-Apr		2,711		62,050,826		2838		29,273.37		61.5		69.2		56		5.8				75														$62,050,826

		43		Vantage Point		Sony		72,266,306		22,874,936		22-Feb		-		3,149		49,391,370		3163		22,847.39		46.1		61.5		40		5.2				40														$49,391,370

		111		Vicky Cristina Barcelona		MGM/W		23,216,709		3,755,575		15-Aug		19-Feb		692		19,461,134		726		31,978.94		76.9		69.2		70		7.1				16														$19,461,134

		108		W.		LGF		25,534,493		10,505,668		17-Oct		4-Dec		2,030		15,028,825		2050		12,455.85		61.5		46.1		56		4.9				25.1														$15,028,825

		5		WALL-E		BV		223,808,164		63,087,526		27-Jun		8-Jan		3,992		160,720,638		3992		56,064.17		84.6		84.6		93		8.9				180														$160,720,638

		18		Wanted		Uni.		134,508,551		50,927,085		27-Jun		18-Sep		3,175		83,581,466		3185		42,231.88		61.5		76.9		64		6.4				75														$83,581,466

		21		Watchmen		WB		107,509,799		55,214,334		6-Mar		28-May		3,611		52,295,465		3,611		29,772.86		61.5		61.5		56		7.5				130

		67		Welcome Home Roscoe Jenkins		Uni.		42,436,517		16,207,730		8-Feb		3-Apr		2,387		26,228,787		2387		17,778.18		46.1		69.2		46		6.8				35														$26,228,787

		37		What Happens in Vegas		Fox		80,277,646		20,172,474		9-May		18-Sep		3,215		60,105,172		3255		24,662.87		46.1		69.2		36		6.3				35														$60,105,172

		129		Whatever Works		SPC		5,306,706		266,162		19-Jun		-		9		5,040,544		353		15,033.16		53.8		69.2		45		5.8				15

		118		Whiteout		WB		10,190,685		4,915,104		11-Sep		-		2,745		5,275,581		2,745		3,712.45		38.4		53.8		28		5.1				35

		8		X-Men Origins: Wolverine		Fox		179,883,157		85,058,003		1-May		1-Oct		4,099		94,825,154		4,102		43,852.55		53.8		76.9		43		5.7				150

		58		Year One		Sony		43,337,279		19,610,304		19-Jun		16-Aug		3,022		23,726,975		3,024		14,331.11		46.1		53.8		34		4.6				60

		30		Yes Man		WB		97,690,976		18,262,471		19-Dec		2-Apr		3,434		79,428,505		3434		28,448.16		53.8		76.9		46		6.5				70														$79,428,505

		29		You Don't Mess with the Zohan		Sony		100,018,837		38,531,374		6-Jun		7-Sep		3,462		61,487,463		3466		28,857.14		46.1		53.8		54		5.4				90														$61,487,463

		93		Zack and Miri Make a Porno		Wein.		31,457,946		10,065,630		31-Oct		29-Jan		2,735		21,392,316		2735		11,501.99		61.5		69.2		56		6.8				24														$21,392,316
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